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* EO4UA - Free platform for sharing
data and products on CREODIAS

* |nitiator - CloudFerro
* Partners — public and private
institutions

* OCRE4Ukraine — project within EU Open
Cloud for Research Environment

* Project: “Quantifying war damage in Ukraine
based on EO data in support of EO4UA”
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Horizon Europe SWIFTT project

Title: “Satellites for Wilderness Inspection and Forest Threat Tracking”
Forest type map for Europe (37 countries) for 2022

Data used
Sentinel-1,2 time series (2022)
Modified LUCAS Copernicus 2018 dataset
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Links: ESA WorldCover 2021 map, Forest Type 2018 map



https://essd.copernicus.org/articles/13/1119/2021/
https://viewer.esa-worldcover.org/worldcover/
https://land.copernicus.eu/pan-european/high-resolution-layers/forests/forest-type-1/status-maps/forest-type-2018
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Ukraine 2023

Classification

as of 1 September 2023 |l Alfalfa

Il Artificial
] Wheat
I Rapeseed
"] Buckwheat
Bl Maize

I Sugar beet
[ Sunflower
[77] Soybeans
[ Barley

[ Peas

[ potato

[ Other crops
[ Grape

I Forest

[ Grassland
I Bare land
Il Water

[ wetland
I Not cultivated
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Class PA UA F1
Artificial 88,7 85,2
Wheat 94,5
Rapeseed 96,1 97,3
Buckwheat 54,8 92 68,7
Maize 93,6 91,3 92,4
Sugar beet 95,7 93,2 94,5
Sunflower | 986 | 976 98,1
Soybean 88,8 88,5 88,7
Other crops 75,1 67,5 71,1
Forest
Grassland 90,9 85,9 88,3
Bareland 72,6 85 78,3
Water | 1000 | 994 | 997 |
Wetland 94 92,7 93,4
Barley 62,7 90,1 73,9
Peas 89,5
Alfalfa 87,5 43,8
Grape 87,6 51,2 64,7
Not cultivated 88,2 96,6 92,2
Potato 72,8
Overall Accuracy OA =93,1%
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In-situ data collection (2021 & 2023)

2021: ~6500 km 2023: ~4018 km
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Assessment of areas of cropland under occupation
(2022)

In MLN ha| Occupied since| Occupied since

x J%:‘)‘; ,ﬁfé&’ 5

sy
24 Feb. 2022 |occupied| MLN ha Wﬁ"’%g;
1,73 5,70 23,58
ST (5.6%) (18.3%) (761%) S0
0,59 2,05 6,33 397
(6.6%) (22.9%) (70.5%) ’ cxcplers] ason; 2621, (k)
825- 1778
1778 - 2725
[ 2725 - 3869
[ 3869 - 5295
[ 5295 - 7038
I 7038 - 9326

Total occupied cropland is 5.7 IMILN ha

B 9326 - 12670

B 12670 - 19175

Bl 19175 - 29321

Occupied territory since 24 Feb. 2022
271 Occupied territory since 2014



Damages for agricultural fields
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27 June 2022, Sentinel-2 | » & . | 27 June 2022, damaged fields
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An example of craters
from a drone
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Damaged agricultural fields as a result of hostilities
2022 - 2023
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10365
12589
16583
22924
30963
38251

as of 10 September 2023

[14-991

Damaged area (ha)
] 4706 - 7465

[]991-2573
[ 2573 - 4706
[ 7465 -

[ 10365

B 12589

Bl 16583

Bl 22924

Hl 30963

Total directly damaged area is 1.4 IMILN ha (as of 10 September 2023)

Damaged cropland




Cropland 2021, th(Cropland 2022, th|Difference in Cropland area, th| Difference in Cropland
ha
AR of Crimea 1182,67
Khersonska 1765,72
Zaporizka 1968,60
Odeska 2071,75
Donetska 1364,92 1109,7, -255,3 -18,7
Chernivetska 257,35 213,6 -43,8 -17,0
Mykolaivska 1770,21 1475,7| -294,5 -16,6)
Sumska 1256,47 1140,1 -116,4 -9,3
Luhanska 1171,90 1066,9 -105,0, -9,0
Kharkivska 1872,06 1740,8 -131,2 -7,0
Chernihivska 1401,22 1318,4 -82,9 -5,9
Dnipropetrovska 2068,38 1984,2 -84,1 -4,1
Kirovohradska 1783,98 1748,9 -35,1 -2,0
Ivano-Frankivska 281,28 277,6 -3,6) -1,3
Ternopilska 874,31 863,6 -10,8 -1,2
Khmelnytska 1234,85 1222,9 -11,9 -1,0
Poltavska 1798,63
Kyivska 1200,51
Vinnytska 1615,31
Cherkaska 1218,88]
Lvivska 606,43
Volynska 524,71
Zhytomyrska 885,33
Rivnenska 504,27
Zakarpatska 76,85

Ukraine total

30756,58
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difference in cropland area (th. ha)
I 45 - -40,2
I <0,2--27
27 --17,2
B -17,2--11,5
[ -11,5--74
74--44
[J44--22
CJ1-22--06
C1-06-0
[o0.0-5
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Uncultivated agricultural fields in 2023 comparing
to 2021
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’ Khers AR of Khar Dnlpr Cher Zhyt Kirov Khm Tern vano Cher Zakar
Done Zapo Luha Odes ) Polta Volyn Sums Vinny Kyivs Lvivs Rivne Cher . - .
onsk Crim kivsk Ialvsk nihiv omyr ohra elnyt opils nivet patsk
tska rizka nska ka ovsk vska ska ka tska ka ka nska kaska Frank
a ea a a a ska ska dska ska ka vska ska a

W 3aKkuHyTI 736,9 573,5 563,4 500,9 484,2 432,4 241,2 186,2 124,0 115,2 64,9 60,0 56,2 53,2 52,7 49,0 47,3 43,4 43,3 43,1 36,4 28,7 16,0 153 8,0
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Cultivated areas comparing to statistics (2023)
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World Bank & EU project

* Pilot project: Monitoring the impact of
support programs on the production
activities of the recipients of support

e 5 districts (2023)
e 4532 subsidized fields

* 89% of the fields with subsidies are
sown with agricultural crops




Control of subsidies

Checking whether the parcel has been cultivated this year Map of land cover types and crop types
(Sentinel-2 satellite image)
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® _ Uncultivated area

Uncultivated area

Granted subsidy I No subsidy provided I
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H2020 e-shape project
Geoportal CRGODIAS
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8 & Modeled LAI
| & MODIS LAl
B8 & Land degradation map
B & In-situ data (Kyiv JECAM test site)
M & Land productivity based on NDVI
I8  Forestlosses
%& O Land cover and crop type maps
& O Germany-indicator-15.3.1- €
0 @ 2022
0 6 2021
0 O 2020
0 e 2019
& & Areas of crops per OTG
& @ Sunflower
O O Soybean
0O O Rapeseed
O @ Non-cultivated
O ® Maize
0O O Cropland
O O Cereals
& O Germany-indicator-15.3.1-2016-2
i & OSM Demo
| OSM Demo
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(Rumanien)

SxX -y WGS 84 / Pseudo-Mercator v 8000000 w [J Ukrainedemo w @ OpepStreetMap contributors powered by Mapbender

http://64.225.134.208/mapbender/application/mapbender ukraine demo



http://64.225.134.208/mapbender/application/mapbender_ukraine_demo
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